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1 AT R DR S B LA

SOTS-Indoor SOTS-Outdoor O-HAZE Dense-Haze Overhead
Methods
PSNRT SSIMT PSNRT SSIMT PSNRT SSIMT PSNRT SSIMT  #Param MACs
DCP 16.63 0.819 19.14 0.816 16.79 0.654 12.73 0.443 - 0.6G
DehazeNet 19.83 0.822 24.76 0.928 17.58 0.771 13.85 0.431 0.02M 0.6G
GFN 22.31 0.881 21.56 0.845 18.17 0/672 - - 0.51M 14.9G
GDN 32.17 0.985 30.87 0.983 18,93 0.673 14.97 0.537 0.97M 21.5G
PFDN 32.69 0.977 - = = = = = 11.28M 51.5G
MSBDN 33.68 0.986 33.49 0.983 24.37 0.750 15.14 0.556 31.36M 41.54G
FFA-Net 36.40 0.990 33.58 0.985 22.13 0.771 15.71 0.550 4.47M 287.8G
AECR-Net 37.18 0.991 - - - - 15.81 0.467 2.62M 52.2G216.0G
MAXIM-2S 38.12 0.992 34.20 0.986 - - - - 14.11M 156.4G
SGID-PFF 38.53 0.992 30.21 0.976 20.97 0.742 12.50 0.518 13.88M 141.1G
Restormer 38.89 0.992 - - 23.59 0.769 15.79 0.549 26.11M 60.4G
Dehamer 36.64 0.989 35.19 0.987 25.12 0.778 16.43 0.561 132.60M 38.6G
Ours(-B) 40.72 0.993 37.43 0/990 25.06 0.789 16.67 0.561 2.69M 88.2G
Ours(-L) 42.65 0.995 38.10 0.992 25.32 0.783 16.45 0.567 7.44M
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%% 2 2 RUEBEUHIR AR 2 3 SCES M TH R 5L

Branch Type of Conv PSNR SSIM #Params MACs
Single Conv 38.28 0.992 2.656M 33.64G
Double Conv-P 38.43 0.992 2.653M 37.90G
Dilated Conv-P 38.78 0.992 2.653M 37.90G

Conv-S 39.05 0.993 2.653M 37.90G

DSDCN-S 40.72 0.993 2.678M 38.52G

% 3EPIRESHT (Softmax-attention MR ZEBU)N, PERERGE)

Methods PSNR SSIM #Params MACs
Swin 36.60 0.989 2.518M 36.39G
Swin+T-MSA-2nd 36.51 0.989 2.518M 36.39G
Swin+T-MSA-1st 36.38 0.988 2.518M 36.39G
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